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Algorithm 1 Lloyd’s Algorithm
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Algorithm 2 K-means++ [1]

WIIRAL C < {1}, e 2y X A BERLIRI
for ) =2,3,....kdo

ming <o<j—1lz—cell

p(x) 9x(C)
DA p(x) R X HA ¢; A C
end for
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Algorithm 3 Bicriteria approximation for K-means

WIEA C < {c1}, oo i X P REALIE BT A
for j = 2,3,... k, ..., SR go
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p(x) ox(0)

DA p(2) X R o5 A C
end for
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